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Abstract 

COVID-19 was a serious infectious disease outbreak in 2019. This epidemic has had a 

significant impact on the stock market in China and all over the world. This study measures the 

impact of COVID-19 on the stock price of medical shares in the Chinese stock market. This 

paper typically studies the relationship between the number of confirmed cases, deaths, and the 

performance of Chinese medical stocks using regression analysis and event study. This study 

discovered that the COVID-19 epidemic positively impacts the performance of medical shares in 

China’s stock market. However, no statistically significant correlation is found between the 

number of confirmed cases and deaths, and the performance of medical shares in Chinese 

medical stocks. This study fills the gap in study specifically the performance of China's medical 

stocks in the epidemic 
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1. Introduction 

Coronavirus disease 2019 (COVID-19), refers to pneumonia caused by a new coronavirus 

infection in 2019. Since December 2019, several unexplained pneumonia cases with a history of 

exposure to the South China seafood market have been found in some hospitals in Wuhan, Hubei 

Province, which have been confirmed as acute respiratory infectious diseases caused by new 

coronavirus infection in 2019. The epidemic has had a significant impact on the stock markets of 

China and the world. Among them, medical stocks are one of the most affected stocks. Around 

the Spring Festival, the new coronavirus epidemic sweeping China affected the people's hearts 

all over the country and made investors worried about the future. Most industries are facing 

unprecedented impacts and challenges. However, one industry has bucked the trend and become 

a "Star" under the epidemic situation. It is the medical and health industry. Since the outbreak of 

COVID-19, the pharmaceutical sector has attracted the attention of investors and has highlighted 

the unique value of its negative correlation coefficient with the market. 

This paper discusses the impact of the number of confirmed cases and deaths on the share 

price of several medical shares in China under the epidemic. The impact of the epidemic on the 

market is far-reaching. We can see that the whole country is still increasing its investment in 

public health, including building many new hospitals and allowing enterprises to develop 

vaccines (Ding et al., 2021). In addition, the concept of investors will also change due to the 

impact of the epidemic on the medical sector. This makes the epidemic's impact on the medical 

sector not limited to the years when the epidemic occurred, but it will also have a sustained and 

far-reaching impact on this field in the future. As a hot topic in recent years, there is much 

literature related to COVID-19. COVID-19 is not the first epidemic to have a significant impact 
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on the global economy. Many previous works of literature have analyzed the impact of some 

crucial epidemics on the global economy. The severe acute respiratory syndrome (SARS) 

epidemic in 2002 is one example. Researchers found that the epidemic had a significant impact 

on the economy (Chen et al., 2007). Similar studies provide a valuable reference for the study of 

the topic of this paper. This paper typically studies the impact of the number of confirmed cases 

and deaths on the performance of the CSI health care index in China under the epidemic using 

regression analysis. In which the number of confirmed cases and deaths represents the condition 

of the epidemic, and the performance of the CSI health care index represents the overall 

performance of Chinese medical shares.  

This study also includes an event study. This method is commonly used in previous studies 

on the impact of the epidemic on the stock market. However, event study that is done in previous 

studies usually classifies different industries in the entire stock market, while medical stocks are 

usually analyzed as a whole. In this study, medical stocks are divided into ten categories 

according to different types. The whole event study only includes medical stocks, not other 

industries. 

The result of the event study shows that the COVID-19 epidemic has an evident and essential 

impact on the stock price of medical shares in China's stock market. Most indexes' prices got a 

positive abnormal return right after the COVID-19 epidemic broke out, and the abnormal return 

raised rapidly after that. The abnormal return of most indexes tends to fall after March but is still 

larger than zero. However, significant correlation is not found between the number of confirmed 

cases and deaths, and the performance of medical shares in Chinese medical stocks. The reason 

might be the delay in the stock market's response to the change of the number of confirmed cases 

and deaths makes regression analysis that makes first order differences unable to fully reflect the 
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relationship between variables. Since the closing price of CSI health care index does not have a 

smaller enough t-statistic results in unit root test to be considered stationary sequence, first order 

differences are used in this study. Another possible reason is that investors might not mainly 

refer to the number of confirmed cases and deaths when choosing whether to invest in medical 

stocks during the epidemic, but other information such as news, the government's attitude, and 

whether there is an epidemic in new areas. 

Previous studies have included many discussions on the epidemic's impact on the stock 

market, but the precedent for regression analysis between the stock performance and the 

confirmed cases deaths is not found in the literature review. In addition, previous studies focus 

more on the epidemic's impact on the whole stock market, or specific industries in the world, or 

other countries such as the United States. However, there are few studies on this specific topic in 

the previous literature. The results of this study prove that only studying confirmed cases and 

deaths in COVID-19 is unable to provide effective results for studying the impact of the 

epidemic on medical stocks. Other factors such as news, the government's attitude, and whether 

there is an epidemic in new areas are needed for predict the impact of the epidemic on the 

performance of medical stocks. 

The remainder of the paper is organized as follows. Section 2 literature reviews. Section 3 

describes the data. Section 4. results and discussions. Section 5. Conclusions. 

2. Literature Review 

The impact of covid-19 on the stock market has become a widely concerned research topic in 

recent two years. Previous similar studies have essential reference value for this study. In 
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addition, a number of studies before the outbreak of covid-19 also have the reference value. For 

example, the studies on the impact of news media on the stock market, the impact of investor 

sentiment on the stock market, and the impact of the outbreak of infectious diseases on the stock 

market in history. Relevant theories and empirical evidence are reviewed in the following 

sections. 

2.1.   Number of Confirmed Cases and Isolation Affects the Share Price 

Medical Shares 

One epidemic that had a similar impact on China was the SARS epidemic in 2002, and 

researchers find that the spread of the SARS has dealt a severe blow to China’s stock market (Siu 

and Wong, 2004). That might imply that for multiple reasons, the confirmed cases and Isolation 

in an epidemic have a negative effect on the share price in the stock market. Previews research 

also find how information from social media and news affect the investment behaviors of 

individual and corporations. Fang and Peress (2009) typically study media coverage and the 

cross-section of stock returns, and several other papers also study the field of how information 

from social media and news affects the investment behaviors of individuals and corporations. 

(e.g., Grullon et al., 2002; Hirshleifer and Teoh, 2003; Hirshleifer and Shumway, 2003; Bushee 

et al., 2010; Antweiler et al., 2014).  

The study of the impact of the number of confirmed cases and deaths posted on the media on 

the share price is similar to the previous study of how sentiments affect stock markets to a 

considerable degree. Traditional sentiment study measures the investor’s mood with figures and 

proves that the investor’s mood fluctuation has an evident and essential impact on the stock 

market (Baker and Wurgler 2006; Baker and Wurgler 2007; Baker et al., 2012). Baker’s later 
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research supported that this is practical similarly in the COVID-19 epidemic. Baker et al. (2020) 

typically study the stock markets’ response to the COVID-19 epidemic in the United States. This 

paper summarizes the impact of the past epidemic on the U.S. stock market, points out that 

covid-19 has the most significant impact on the U.S. stock market, and proves how information 

from the media affects the stock market. 

Strand of the literature shows that in an epidemic, information of confirmed cases and 

Isolation posted on media affects the stock price. 

Ashraf (2020) typically studies the stock markets’ response to the COVID-19 epidemic. 

Ashraf found negative effects of confirmed cases and deaths in the COVID-19 on the stock 

market. This conclusion is applicable to most stocks but is probably not applicable for medical 

stocks. Ashraf’s research did not make much specific reference to the medical stocks, but some 

of the results are significantly valuable for the topic of this research. The stock market is more 

sensitive to the number of confirmed cases than the number of deaths. In the COVID-19 

epidemic, the overall sample size of the number of deaths is relatively small, so investors will 

refer to confirmed cases more when judging the epidemic. This is practical similarly in judging 

the impact of confirmed cases and deaths on the stock price of medical stocks. 

Based on above discussions, the first hypothesis is proposed: 

Hypothesis 1: The COVID-19 epidemic has an evident and essential impact on the stock price of 

medical shares in China's stock market. 
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2.2. Positive Effect of Number of Confirmed Cases and Isolation on The Share 

Price of Medical Shares 

Ramelli et al. (2020) propose that most of the stocks fell in COVID-19 as the epidemic 

worsened, similar to Ashraf’s (2020). However, this paper specifically refers to the performance 

of certain types of stocks in COVID-19, including medical shares. According to this paper, the 

stock price growth as the epidemic worsened and the confirmed cases and isolation rases. This 

paper also mentioned the performance of some stocks in other fields, such as the significant 

decline of transportation stocks, which are not closely related to the topic of this study but 

provide reference value. 

Donadelli et al. (2017) studied the effect of the previews epidemic on the stock market but 

indicated a similar conclusion to Rameli et al. (2020). According to Donadelli et al., In past 

infectious diseases, fear reduced the sentiment of US investors and led to a decline in most stock 

markets in the US. However, at the same time, medical stocks usually rise because the epidemic 

will lead investors to believe that the demand for pharmaceutical products will rise, thus 

increasing confidence in the pharmaceutical industry in the United States. Similar information is 

proved by other researchers (Erdem, 2020; Cox et al., 2020; Mazur et al., 2020; Antonio, 2020) 

Strand of the literature shows that generally speaking, and the more serious the epidemic 

situation will lead to the rise of the share price of medical stocks. Under the covid-19 epidemic, 

the confirmed cases and deaths, as essential figures for investors to judge the epidemic’s severity, 

are likely to be positively correlated with the share price of medical stocks. 

Furthermore, multiple papers refer that the medical industry is negatively correlated with 

the market (Adelino et al., 2012, 2015; Pb et al., 2020; Dessaint et al., 2018; Hendershott et al., 
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2020). As mentioned above, the previous study found negative effects of confirmed cases and 

deaths in the COVID-19 on the overall stock market. Seemingly, the confirmed cases and deaths 

are very likely to be positively correlated with the share price of medical stocks. 

Based on the above discussions, the second hypothesis is proposed: 

Hypothesis 2: Number of Confirmed Cases and Isolation has a significant positive impact on the 

stock price of medical shares in China’s stock market. 

Through literature review, it is found that the information published by the news and media 

will impress investor sentiment and then affect the stock price. The stock prices of most stocks 

are negatively correlated with confirmed diseases and deaths during the period of covid-19, 

while the stock prices of pharmaceutical stocks are likely to be positively correlated with 

confirmed diseases and deaths. 

3. Data and Methodology 

The study employs two data sources, all free of survivorship bias: (1) China Stock Market 

Accounting Research (CSMAR) Database, (2) Flush Finance. 

From China Stock Market Accounting Research (CSMAR) Database, the number of 

confirmed diseases and deaths are obtained. CSMAR reports the number of confirmed diseases 

and deaths for each location and each date. The sample period is from January 21, 2020, to 

September 29, 2021, because there are no summed-up data for the confirmed cases and deaths in 

China before January 21, 2020, on CSMAR, and the COVID-19 epidemic has not been widely 

concerned by investors before the end of January 2020. The other two data obtained in CSMAR 

are annual return on assets and earnings per share. Sixty stocks from China's stock market are 
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selected as representatives. CSMAR also provides the risk-free rate and the inflation rate in the 

sample period. 

Flush Finance is one of the most extensive stock trading software in China. The closing price 

every day for the CSI health care index in the sample period is obtained from Flush Finance. 

Although Flush Finance is not an academic database, as a regular stock trading software, the 

daily stock price information obtained here is reliable and up to date. Flush Finance reports the 

opening price, the highest price, the lowest price, the closing price, and the rise and fall of the 

CSI health care index on each trading day. The closing price is matched with the number of 

confirmed diseases and deaths obtained in CSMAR previously by date. 

The number of new confirmed cases and deaths is used to represent the condition of the 

COVID-19 epidemic situation, and the closing price of the CSI health care index is used to 

indicate the stock price level of China's medical shares. Two regression models are established, 

referencing Ding et al. (2021).  

𝛥𝐻𝐶𝐼𝑡 = 𝛼 + 𝛽1Δ𝑁𝐶𝑡 + 𝛾1𝑅𝑂𝐸 + 𝛾2𝐶𝑃𝐼 + 𝛾3𝑇𝐼𝑀𝐸𝑡 + 𝜀𝑡                               (1) 

𝛥𝐻𝐶𝐼𝑡 = 𝛼 + 𝛽2Δ𝑁𝐷𝑡 + 𝛾1𝑅𝑂𝐸 + 𝛾2𝐶𝑃𝐼 + 𝛾3𝑇𝐼𝑀𝐸𝑡 + 𝜀𝑡                              (2) 

       Where Δ𝐻𝐶𝐼𝑡 is the return of the CSI health care index at time t, Δ𝑁𝐶𝑡 is the change of new 

confirmed cases at time t, Δ𝑁𝐷𝑡 is the change of new death cases at time t, ROE represents the 

averages of return of equity, EPS represents the averages of earnings per share, CPI represents 

the inflation rate, 𝑇𝐼𝑀𝐸𝑡 represents weekday fixed effects.  

           After doing the regression analysis, the event study is done using ten different indexes 

from the Chinese stock market to study the abnormal return of Chinese medical shares caused by 
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the COVID-19 epidemic. Several different methods can be used to calculate abnormal returns. 

The one that this study uses is the mean adjusted model, which is outlined as follows. 

We calculate the abnormal return as 

𝐴𝑅𝑖,𝑡 = 𝑅𝑖,𝑡 − 𝑅𝑖,                                                           (3) 

and the cumulative abnormal return as 

𝐶𝐴𝑅𝑖(𝑡1,𝑡2) = ∑ 𝐴𝑅𝑖,𝑡
𝑡2
𝑡=𝑡1

,                                                      (4) 

where 𝐴𝑅𝑖,𝑡 represents the abnormal return of the price of index i at time t, 𝑅𝑖,𝑡 represents the 

price of index i at time t, and 𝑅𝑖 represents the mean of the price of index i in a certain period. 

𝐶𝐴𝑅𝑖(𝑡1,𝑡2) represents the cumulative abnormal return of firm i in the event window period 

(𝑡1, 𝑡2). 

4. Results and Discussions 

4.1. Unite Root Test 

The first-order difference of HCI, NC, and ND is used in the regression models since 

these variables are suspected to be non-stationary sequences. The unite root test is done to 

confirm whether their first-order difference is stationary sequence and can be used for regression 

analysis, also to confirm whether original data are non-stationary sequences. If original data are 

stationary time series, the regression model will be replaced with using the original data rather 

than the first-order difference.  
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As shown in Table 3, NC and ND could be considered stationary sequences with two 

stars and three stars significance respectively in a unit root test without intercept and trend. NC 

could be considered a stationary sequence with two stars and one star significance respectively in 

a unit root test with intercept and with intercept and trend. However, HCI does not have a 

smaller enough t-statistic results in any of these three methods of unit root test to be considered 

stationary sequence. The first-order difference of these three variables could all be considered 

stationary sequence with a three stars significance. Therefore, the original data of these three 

variables could not be used to do regression analysis, and the first-order difference is chosen to 

be used. 

4.2. Main Results 

Since after June 4, 2020, when the epidemic tends to be stable, the number confirmed 

cases and deaths changed rapidly, the regression analysis is done again for the period after June 4, 

2020. As shown in Table 4, ΔNC is slightly more significantly correlated with Δ𝐻𝐶𝐼𝑡, with a par 

value of 0.5640, where ΔND is less significantly correlated with Δ𝐻𝐶𝐼𝑡 , with a par-value of 

0.5413. Neither of the dependent variables has a small enough par value to prove that they are 

statistically significantly correlated to Δ𝐻𝐶𝐼𝑡  in the period before June 4, 2020, when the 

epidemic has just broken out and is unstable. If we multiply the regression coefficient for ΔNC 

by its average number, we can get a basis points of 0.0019. The basis points for ΔND calculated 

in the same way is 0.0050. This shows that ΔND has a higher economic significance than ΔNC in 

this period. 

Table 4 shows that in the regression analysis that is done for the period after June 4, 2020, 

the par-value of ΔNC decreased to 0.3160. This par-value is still not small enough to prove that it 
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is statistically significantly correlated to Δ𝐻𝐶𝐼𝑡 , but the value shows that ΔNC has a closer 

relationship to Δ𝐻𝐶𝐼𝑡 after June 4, 2020. If we calculate the basis points with the method used 

previously, we can get a number of 0.058. This number is larger than the basis points for ΔNC in 

the period before June 4, 2020, and is close to the basis points for ΔND in that period. The 

economic significance of ΔNC turns to increases in the period after June 4, 2020. Since the 

number of deaths turned to be zero and had seldom changed after the June 4, 2020, viable ΔND 

in this period becomes not significant at all with a par-value of 0.9495 and a verry low basis 

points. 

Both of this two regression analysis shows that although ΔNC and ΔND impact Δ𝐻𝐶𝐼𝑡 in 

some degrease, they are not significant as some stock fundamentals variables, for example, the 

ROE, which has a par value of 0.058, and a basis points of 40.69, significantly related to ΔY both 

in terms of economic and statistic. Hypothesis 2 is therefore rejected by the regression analysis. 

However, the correctness of hypothesis 1 is still in doubt. The event study is therefore done after 

the regression analysis. 

4.3. Additional Results 

 Since during the COVID-19 epidemic, there may be different delays in the stock 

market's response to the epidemic in different periods, regression study of first-order difference 

may not fully reflect the relationship between medical unit performance and the condition of the 

epidemic. However, since the original data is non-stationary series, they cannot be directly used 

in regression analysis. Therefore, event study, as a method other than regression analysis, was 

tried. Ten indexes of the medical sector were used for this event study.  
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The accumulated abnormal return of the price of each index is calculated using formula 

(3). The period for calculating the expected return is decided to be 80 working days before the 

estimated day and 85 working days long. Table 5 shows the cumulative abnormal return average, 

and the t value of the results, the length of the event window is decided to be five days. Figure 1 

is made using the data from Table 5. 

As shown in Figure 1 and Table 5, most indexes' prices got a positive abnormal return 

right after the COVID-19 epidemic broke out, and the abnormal return raised rapidly in the event 

window (-25,0), (-20,0), and (-15, 0), at the height of the epidemic in China. The abnormal return 

of most indexes tends to fall after this period but is still larger than zero, which means abnormal 

returns still exist. After that, the abnormal return of most indexes raised rapidly again as an event 

window (0, 35). Among these ten indexes, the index with the most significant positive abnormal 

return is the Chemical Pharmaceutical Index, with a t value constantly above 2 in the whole 

period.  

The positive impact of the epidemic on Chinese medical shares turned out to be evident 

and essential. Hypothesis 1 is therefore proved to be true. 

5. Conclusions 

This paper verifies the relationship between COVID-19 and Chinese medical shares. The 

positive impact of the epidemic is evident and essential to most categories of medical shares in 

China, except some categories like ophthalmic medicine. It is not surprising that the epidemic's 

impact on this type of medical share is not as significant as that on other types of medical shares. 

Although these shares are also in the medical shares category, they have no direct relationship 
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with COVID-19. In fact, before the event study, the prediction was that the price of medical 

shares that are not directly related to COVID-19 would not rise because of COVID-19 and may 

even decline like other non-medical shares. However, the result of the event study is that these 

stocks also show positive returns in COVID-19. This may prove that part of the sharp rise of 

medical shares in the COVID-19 epidemic may be caused by irrational decisions by investors. 

Although the positive impact of the epidemic on Chinese medical shares is proved to be 

essential, there is no significant positive correlation between the first-order difference of 

confirmed cases and deaths, and the closing price of the CSI health care index. The significant 

positive correlation is found in the same regression analysis but using the original data of 

confirmed cases and deaths, and the closing price of the CSI rather than the first-order 

difference. However, since the original data is a non-stationary event sequence, this result may 

be pseudo regression and has no statistical value. The significant correlation between the first-

order difference of the original data is a failure of fond may be due to the delay in the stock 

market's response to the change of the number of confirmed cases and deaths. In this case, doing 

the cointegration test may give valuable results. However, another very likely reason is that 

investors do not mainly refer to the number of confirmed cases and deaths when choosing 

whether to invest in pharmaceutical stocks during the epidemic, but other information such as 

news, the government's attitude, and whether there is an epidemic in new areas. 

Before doing the regression analysis, it is thought that although investors might rely more 

on other non-statistic information like the content of news and information on social media, this 

information should also closely relate with how serious the epidemic is, and as two data that 

could directly show how serious the epidemic is, number of confirmed cases and deaths should 

give similar signals of the condition of the epidemic. Therefore, there should be a significant 
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correlation between the number of confirmed cases and death, and the performance of Chinese 

medical shares, which is represented by the daily closing price of the CSI health care index in 

this study. 

However, this idea ignores the impact of people's wrong prediction of the future situation 

of the epidemic. In the epidemic, when investors choose whether to invest in medical stocks, 

they will not only focus on the current situation of the epidemic. The prediction of the future 

situation of the epidemic from various sources, such as news and social media, is also an 

essential factor in their decision-making. However, these factors are not always correct. The 

prediction of the future situation of the epidemic a few weeks ago does not necessarily match 

the actual number of confirmed cases and deaths a few weeks later. This has led to a deviation 

between the share price of medical stocks and the actual severity of the epidemic. 

When estimating the impact of the epidemic situation on medial shares, accurate results is 

not able to obtain by directly using confirmed cases and deaths as independent variables, 

information that can be more easily seen by investors, such as news and information on social 

media, are necessary when estimating the impact of the epidemic situation on the medical shares. 
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Figure 1. Event Study 

This figure is made based on the data in Table 5. The ordinate shows the CAR which represents 

the accumulated abnormal return, the abscissa shows the event window, and the names of 

indexes are shown on the right. 
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Table 1: Sample Statistics 

This table reports the closing price of the CSI health care index, the new confirmed cases and the 

new death cases. Since after June 4, 2020, when the number of deaths turned to be zero and had 

seldom changed after the day, the regression analysis is done again for the period after June 4, 

2020, without the in a depended variable of the number of deaths. ΔHCI is the return of the CSI 

health care index, ΔNC is the change of new confirmed cases, ΔND is the change of new death 

cases, ROE represents the return of equity, CPI represents the inflation rate. 

Variables 
Sample 

Size 
Mean StdDev Min Max Skewness Kurtosis 

ΔHCI 411 7.31 265.12 -1059.32 676.22 -0.61 0.88 

ΔNC 411 -0.31 844.65 -10062.00 13137.00 5.11 191.75 

ΔND 411 -0.01 11.95 -133.00 157.00 1.67 114.71 

ROE 60 -0.05 0.59 -4.08 0.27 -5.90 38.51 

CPI 19 128.50 1.11 126.41 130.67 -0.11 -0.44 
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Table 2. Correlations 

This table reports the correlation between closing price of the CSI health care index, and the new 

confirmed cases and the new death cases. ΔHCI is the return of the CSI health care index, ΔNC is 

the change of new confirmed cases, ΔND is the change of new death cases, ROE represents the 

averages of return of equity, CPI represents the inflation rate, TIME represents weekday fixed 

effects. 

  ΔY ΔNC ΔND ROE CPI TIME 

ΔHCI 1.0000      

       

ΔNC 0.0142 1.0000     

 (0.7111)      

ΔND -0.0848 0.0153 1.0000    

 (0.2041) (0.7732)     

ROE 0.1034 -0.0113 -0.0998 1.0000   

 (0.0009) (0.8211) (0.0442)    

CPI -0.0729 0.0006 0.0852 -0.0528 1.0000  

 (0.3378) (0.9762) (0.1487) (0.2769)   

TIME -0.0400 -0.0206 0.0890 0.0051 -0.0014 1.0000 

 (0.8637) (0.6678) (0.0732) (0.7380) (0.9760)  

 

 

 

 

 

  

 

 

 

 

 



Table 3. Unit Root Test 

This table reports the unit root test of variable HCI, NC, ND, and their first-order difference. HCI 

is the closing price of the CSI health care index, NC is the new confirmed cases, ND is the new 

death cases. ΔHCI is the return of the CSI health care index, ΔNC is the change of new 

confirmed cases, ΔND is the change of new death cases. 

Variable ADF test statistics   

 None Intercept Intercept and trend 

HCI 0.2923 -2.0311 -1.6633 

ΔHCI -19.6327∗∗∗ -19.6425∗∗∗ -19.6733∗∗∗ 

NC -3.2026∗∗∗ -3.1495∗∗ 3.4035∗ 

ΔNC -10.6382∗∗∗ -24.0992∗∗∗ -23.1929∗∗∗ 

ND -3.2026∗∗∗ -2.1239 -2.5056 

ΔND -21.4662∗∗∗ -21.4310∗∗∗ -21.4145∗∗∗ 
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Table 4. Main Regression Results 

This table shows the main regression results of two regression models including ΔNC and ΔND 

respectively. ΔHCI is the return of the CSI health care index, ΔNC is the change of new 

confirmed cases, ΔND is the change of new death cases, ROE represents the averages of return of 

equity, EPS represents the averages of earnings per share, CPI represents the inflation rate, TIME 

represents weekday fixed effects. 

 Before June 4, 2020  After June 4, 2020 
 Include ΔNC Include ΔND  Include ΔNC Include ΔND      

Dependent variable is the return of the CSI health care index, ΔHCI 

ΔNC 0.0060   1.1164  

 (-0.5793)   (-1.0043）  

ΔND  0.5002   -7.9821 
  (-0.6135)   (-0.0634) 

ROE 3774.6633∗∗∗ 3536.0084∗∗∗  455.4285 459.2855 
 (-4.3472) (-3.7791)  (-1.2437) (1.2532) 

CPI -3.2323 -2.2204  -24.2084 -22.7250 
 (-0.2307) (-0.1574)  (-1.4493） (-1.3641) 

TIME -71.1166 -66.3540  -17.6779 -11.7027 

  (-1.4419) (-1.3209)  (-0.45) (-0.3001) 

 

 

 

 

 

 

 

 

 

 

 

 

 



Table 5. Event Study of Ten Medical Indexes 

This table shows the accumulated abnormal return of each index. The length of the event window is five days. CAR represent the 

accumulated abnormal return. Names of indexes are displayed at the top of the table. Panel A includes cellular immunotherapy index, 

medical e-commerce index, biomedicine index, and traditional Chinese medicine index. Panel B includes chemical pharmaceutical 

index, ophthalmic medicine index, internet medical index, private hospital index, and intelligent medical index 

 

 

 

Panel A 

    

Cellular 

Immunotherapy   

Medical E-

commerce   Medical Business   Biomedicine   

Traditional Chinese 

Medicine 

Event window   CAR t value   CAR t value   CAR t value   CAR t value   CAR t value 

(-35,0)  35.9605 0.0741  166.8621 0.3440  664.6961 1.3705  642.1568 1.3240  35.9605 0.0741 

(-30,0)  245.6620 0.4351  230.1917 0.4077  938.4660 1.6621  805.4889 1.4266  245.6620 0.4351 

(-25,0)  409.6312 0.6662  251.2622 0.4087  980.8140 1.5953  895.6464 1.4567  409.6312 0.6662 

(-20,0)  739.9417 1.1501  330.6301 0.5139  1721.2407 2.6753  992.6708 1.5429  739.9417 1.1501 

(-15,0)  1336.9665 1.2939  478.1573 0.4627  3102.1164 3.0021  1543.7548 1.4940  1336.9665 1.2939 

(-10,0)  831.4331 0.9420  353.6259 0.4007  1879.6463 2.1297  1336.3426 1.5141  831.4331 0.9420 

(-5,0)  929.7559 0.9480  312.1410 0.3183  1732.6936 1.7667  1476.8219 1.5058  929.7559 0.9480 

(0,5)  642.3747 0.6824  217.1114 0.2306  1289.4476 1.3698  1408.1697 1.4960  642.3747 0.6824 

(0,10)  780.9293 0.7437  308.0571 0.2934  1664.6810 1.5854  1682.9627 1.6028  780.9293 0.7437 

(0,15)  312.4512 0.3663  111.8890 0.1312  528.5076 0.6196  1242.1421 1.4562  312.4512 0.3663 

(0,20)  -5.0636 -0.0072  46.8439 0.0663  28.5729 0.0404  878.3131 1.2434  -5.0636 -0.0072 

(0,25)  352.6267 0.4763  237.7228 0.3211  735.9813 0.9940  1060.7816 1.4327  352.6267 0.4763 

(0,30)  261.5811 0.3370  246.3812 0.3174  800.3717 1.0310  1061.5687 1.3675  261.5811 0.3370 

(0,35)   851.6808 0.8310   462.2189 0.4510   1776.7924 1.7337   1504.5208 1.4681   851.6808 0.8310 
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Panel B 

    

 Chemical 

Pharmaceutical   

Ophthalmic 

Medicine   Internet Medical   Private Hospital   
 Intelligent Medical 

Event window   CAR t value   CAR t value   CAR t value   CAR t value   CAR t value 

(-35,0)  1590.2921 3.2790  801.0070 1.6516  259.4471 0.5349  87.8738 0.1812  1014.9142 2.0926 

(-30,0)  1954.6358 3.4619  924.9076 1.6381  396.4355 0.7021  288.5094 0.5110  1492.1386 2.6427 

(-25,0)  2230.9828 3.6286  949.5070 1.5443  424.6851 0.6907  323.2665 0.5258  1649.6097 2.6830 

(-20,0)  2407.0909 3.7414  860.5157 1.3375  286.1299 0.4447  245.4717 0.3815  1020.6567 1.5864 

(-15,0)  3655.4848 3.5377  962.8526 0.9318  496.8121 0.4808  465.9198 0.4509  1539.1522 1.4895 

(-10,0)  3251.6959 3.6843  766.8692 0.8689  564.5102 0.6396  338.1805 0.3832  2084.9426 2.3623 

(-5,0)  3430.3102 3.4977  792.8997 0.8085  729.2506 0.7436  457.3749 0.4664  2835.5788 2.8913 

(0,5)  3096.0013 3.2890  629.8977 0.6692  713.8174 0.7583  323.9536 0.3442  2719.1540 2.8887 

(0,10)  3522.6486 3.3548  742.5893 0.7072  779.9069 0.7427  438.4275 0.4175  3036.0307 2.8914 

(0,15)  2458.0150 2.8815  384.1300 0.4503  568.0817 0.6660  296.2779 0.3473  2496.9211 2.9271 

(0,20)  1777.0195 2.5157  59.2253 0.0838  371.1738 0.5255  3.8858 0.0055  1849.4919 2.6182 

(0,25)  2438.2252 3.2932  208.0137 0.2810  453.4116 0.6124  129.5970 0.1750  1845.4269 2.4925 

(0,30)  2621.0164 3.3763  251.4013 0.3238  433.5285 0.5585  119.9666 0.1545  1728.6120 2.2268 

(0,35)   3892.1906 3.7979   527.4307 0.5146   579.7449 0.5657   400.9064 0.3912   1999.1825 1.9507 




