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Abstract 

Because of the global outbreak of COVID-19, studying its impact on financial markets has 

gradually become a hot topic. This article will discuss the impact of COVID-19 on the stock 

prices of companies in the mask industry chain. This article finds that the cumulative cases of 

COVID-19 has a positive effect on stock return of mask industry. This article finds that 

vaccaines has a positive effect on the stock return on mask industry during COVID-19. The 

impact that the stock returns of the medical industry get is less than that of the mask industry. 

This article try to fill the gap in the influence of mass vaccination on the mask industry. 
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1. Introduction 

The unexpected breakout of COVID-19 at the beginning of 2020 has permanently 

influenced the Chinese stock market. Since the first COVID-19 case was spotted in Wuhan, 

Hubei province, The Chinese started the year of dwelling. COVID-19 pandemic induced 

governments globally to shutter major parts of their economies, an action intended to curb the 

spread of infectious disease but that could potentially plunge a vast majority of firms into an 

impending liquidity crisis ( Viral and Sascha, 2020). Hong et al. (2020) find that countries that 

experienced outbreaks of SARS previously are more concerned about COVID-19 and respond in 

a more timely and proactive. Everyone is asked to stay in their residence, going outside is 

extremely prohibited. The source of this pandemic, Wuhan, has been blocked and isolated for 

over one year. This pandemic has changed Chinese people's life patterns at an enormous level, 

which influenced the trend of the Stock market simultaneously. In the short term, the stock price 

of the Corporation related to the Chinese mask supply chain has gone through a rapid growth 

period. By analyzing the various types of data that these companies have disclosed in the society, 

combined with the time points related to the new crown epidemic, it may be possible to find the 

rules of mutual influence between them. By comparing the profitability of upstream, midstream, 

and downstream companies, we can also make some hypotheses, like whether it is the supply 

side, the transportation side, or the downstream sales side that has made more profits. By 

collecting data for more than a year, it is also possible to make a prediction of the stock prices of 

companies in the supply chain of masks under the long-term existence of COVID-19. COVID-19 

is likely to become a disease that coexists with humans for a long time. If we can make certain 
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predictions about its long-term impact on the stock market, it will have great positive 

significance. 

Not all companies have suffered a major blow from COVID-19. On the contrary, some 

companies have experienced positive growth. In fact, some tech firms such as Apple, Intel, 

Microsoft, and Netflix, on average, discuss the impact of COVID-19 with a markedly positive, 

rather than negative, tone (Hassan et al., 2020). Hassan et al. (2020) perform a duration analysis 

of various containment measures on the interactions between COVID-19 case numbers and the 

SARS experience dummy across 142 countries. Hassan et al. (2020) find that contemporaneous 

COVID-19 case numbers are positively associated with the timeliness of government 

containment measures, and this effect is significantly more pronounced for countries with SARS 

cases. Again, such patterns are stronger for countries that recorded SARS deaths. On average, the 

associations between COVID-19 case numbers and decisions relating to school closures, 

workplace closures, cancellation of public events, restrictions on public gatherings, restrictions 

on domestic movements, and international travel controls are 114.51%, 195.19%, 65.07%, 

118.63%, 125.89%, and 142.51% higher, respectively, in countries with SARS deaths than 

others (Hassan et al., 2020). 

COVID-19 provides an unfortunate, but valuable opportunity to gain insights into drivers 

of firm value using a truly exogenous shock (Ramelli et al., 2020). This article will use multiple 

regression analysis to find the relationship between the stock prices of companies in the mask 

supply chain, applying the variables of the number of cases that have been discovered, the 

number of deaths due to COVID-19, and the number of multivariate COVID-19 strain 

discovered. This article will use data from CSMAR and Bloomberg to record changes in stock 

price volatility over a period of time. Record the number of cases discovered and the number of 
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deaths of the new crown epidemic announced by the government at the same time. It is worth 

noting that since the discovery of COVID-19, it has been continuously iterating and upgrading 

itself. When a new multivariate COVID-19 strain is discovered, we believe that the stock price 

of mask companies will also react to it. 

In Table 1, we listed all the variables used and provided a descriptive table, it reports Johns 

Hopkins University's public data about weekly cases spotted during the period from January 26 

to April 19 in China. It also records dozes Administered. Return rate data come from the 

CSMAR database, from January 26 to April 19, 2020. In Table 2, we provide a correlation 

analysis between various variables and annotate the significance. In Table 3, we ran linear 

regression, using fixed effects and random effects, and then used the hausman test. The test result 

was F less than 0.05, that is, fixed effects are more suitable for this model. In Table 4, we 

conducted an event study and used the CAR method. We chose January 20, 2020 as our event 

window. On this day, COVID-19 was confirmed to be spread from person to person, which has a 

huge positive impact on the mask industry. We downloaded from CSMAR the return rates of ten 

representative mask companies during the period before and after the occurrence of this window 

from January 3 to January 26. Use CAR and AAR to study the impact of this event on stock 

returns. In Table 5, we performed a nonlinear quadratic relationship test, we replaced the original 

X variable with cases2, and performed regression. In Table 6, we use subindustry analysis. We 

selected the pharmaceutical industry that has a certain relevance to the mask industry, we 

changed our target industry from mask industry to medicine industry and trying to find the 

difference and make a comparation. We select 29 corporates in medicine industry from CSMAR 

and make an regression using the same method. In table 7, we changed our X variables from 

Cumcases to Cases. Cases is represented by the weekly cases spotted in China.  The data is also 
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provided by Johns Hopkins University.This article finds that the cumulative cases of COVID-19 

has a positive effect on stock return of mask industry.This article finds that vaccaines has a 

positive effect on the stock return on mask industry during COVID-19. The impact that the stock 

returns of the medical industry get is less than that of the mask industry. 

Ding et al. (2020) compare the Corporate immunity to the COVID-19 pandemic and Rouatbi 

et al (2021) mentioned the impact of mass vaccination on stock prices. Huberman and Regev 

(2001) stated that corporate valuation reflects a certain extent the market's expectations of the 

company's future cash flow. Al-Awadhi et al. (2020) find that cases being spotted have a 

negative relationship to the stock price. Companies in the supply chain are located in areas 

severely affected by the epidemic, and their stock prices are negatively correlated with the 

number of cases detected.  So we try to fill the gap in the influence of mass vaccination on the 

mask industry. 

The Section 2 is the literature review and the Section 3 is about data collecting and the 

methodology we used in this paper. The Section 4 is our major findings and Section 5 is the 

conclusion part. 

2. Literature Review and Hypothesis Development 

After the outbreak of COVID-19 at the end of 2019, Studying the impact of diseases, 

especially the coronavirus on financial markets, has become a very popular study. How will 

COVID-19 change the pattern of financial markets, and in what ways? The following content 

will review many new theories and hypotheses put forward on COVID-19 in the past two years, 

and will also summarize some of the valuable content of past research.  
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2.1 Stock markets’ reaction to diseases  

COVID-19 is a brand-new disease. There is no record of the outbreak of this disease in the 

past, or in other words, there is no historical data that affects the financial market due to the 

outbreak of this disease for analysis and reference. If we want to study and predict the impact of 

this disease on the financial market, we often analyze the impact of other disasters on the 

financial market.  

An event similar to this COVID-19 outbreak was the SARS virus outbreak in 2003. There are 

hypotheses indicated that the COVID-19 originated from SARS, and this article will not discuss 

it in depth. Chen et al. (2007) documented that During the SRAS virus outbreak, Taiwan’s 

tourism industry was severely affected. The tourism industry experienced the highest decline in 

overall stock prices in the month after the SARS outbreak among all of the industries in the 

Taiwan Stock Exchange (Chen et al.,2007). 

Kowalewski and Śpiewanowski (2020) tried to find the impact of the mining disaster on the 

stocks of mining companies, and by analyzing a sample of 44 mining accidents worldwide over 

the period 1995-2016, they find that mining firms experience a drop in their market value of 0.89% 

on the day of a disaster on average.  

Goodell (2020) made some predictive comments on the impact of COVID-19. She believes 

that the economic impact of COVID-19 is global, and natural disasters can inflict economic 

damage on a previously unprecedented scale. She mentioned five aspects of influence, Banking, 

cost of capital, economic impact, public and financial market. Goodell (2020) believes that 

COVID-19 is different from a global nuclear war. In the global nuclear war, most people will not 

survive. This is called a probabilistic tail event. It is meaningless to study the impact of nuclear 
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war on financial markets, but for COVID-19, most people will survive, so the financial market's 

response is very important. She guessed that the financial market will react strongly the next time 

a large-scale infectious disease occurs. 

Baker et al. (2020) discussed in detail the impact of COVID-19 on the stock market. After 

the outbreak of COVID-19, equities plummeted and market volatility rocketed upward around 

the world. In the United States, volatility levels in the middle of March 2020 rival or surpass 

those last seen in October 1987 and December 2008 and, before that, in late 1929 and the early 

1930s (Baker et al., 2020). Rouatbi et al. (2021) find that mass vaccination significantly 

decreases the stock market volatility. The overall impact on the stock market is negative, but the 

impact on each industry varies. Al-Awadhi et al. (2020) employ a panel regression approach 

using two measurements: (1) daily growth in total confirmed cases and        (2) daily growth in 

total deaths caused by COVID-19. The results provide evidence of a significant negative effect 

of both measurements on stock returns across all companies included in the Hang Seng Index 

and Shanghai Stock Exchange Composite Index over the period of 10 January to 16 March 2020 

(Al-Awadhi et al., 2020). Al-Awadhi et al. (2020) concluded that at the time of the COVID-19 

outbreak, some industries may perform better than others, especially the Information Technology 

and medical, and pharmaceutical industries. Baek et al. (2020) also discovered that companies 

that have suffered the most negative impacts, such as the catering and hotel and accommodation 

industries, have the largest increase in risk, while the companies whose demand is not affected 

by the epidemic or even increased, such as food production, beer, and liquor, have the smallest 

risk change. The stock price of the mask industry has experienced a sharp rise in the short term. 

The question is whether this is a permanent rise or is there a bubble in rising prices. 
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 Li et al. (2021) use the sup ADF and the generalized sup ADF (GSADF) tests, they trace 

thebubble process and consistently date its origin and collapse. The results show that bubbles 

occur in medical mask firms although there is no explosive behavior in the overall stock market 

in China. 

Based on the above discussions, disasters often have a negative impact on the stock market. 

As a global disaster, COVID-19 has a profound impact on the financial market, but the impact is 

different for each industry, the information technology industry, and the medical industry. The 

impact is positive. The stock price of the mask industry has risen significantly in the short term, 

but there is a bubble in it.  

2.2 Global Supply Chain 

Sharma et al. (2020). stated that the scarcity of medical resources can be partly attributed to 

the susceptibility of the supply chain. In other words, because the supply chain is susceptible to 

infection, the supply of medical resources is reduced to a certain extent and the price of medical 

resources is affected. In this case, the price of masks has risen rapidly. Within a month of the first 

diagnosed case of Covid-19, the price of KF94 masks nearly quadrupled from the limited 

production capacity, the market manipulation by some sellers, and the subsequent supply 

shortage (Ahn.D,  2021). But this was only a short-term price increase. The South Korean 

government soon began to issue new policies to control the price of masks. 80% of masks were 

sold as "public masks" at a fixed price of 1,500 won  (Ahn.D, 2021).  

Ding et al. (2021) use each firm's supply-chain relations to infer the firm's supply-chain 

exposure to each country. Those firms with networks of suppliers and customers that are located 

in countries more affected by COVID-19 are likely to experience greater disruptions to 
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production and sales than otherwise similar firms with less COVID-19 exposure. Our findings 

indicate that markets considered international exposure to the pandemic in revaluing firms (Ding 

et al., 2021). They also find that before COVID-19 was confirmed to spread to regions outside of 

Asia, markets in other regions did not respond to the outbreak in China. Associated with Al-

Awadhi et al. (2020), they find that cases being spotted have a negative relationship to the stock 

price. Companies in the supply chain are located in areas severely affected by the epidemic, and 

their stock prices are negatively correlated with the number of cases detected.  

2.3 Medical development and stock price. 

A central tenet of financial economics is that an asset should trade at the risk-adjusted present 

value of its expected future cash flows. These expected future cash flows exist in people’s minds 

and do not normally lend themselves to direct observation. (Huberman and Regev.,2001). 

Huberman and Regev (2001) stated that stock prices may well be based on the market’s 

expectations of future cash flows. spurious publicity and conclusive information are both 

important, and sometimes spurious publicity is even more important, in the impact on stocks. 

Huberman and Regev (2001) tell an interesting story, In May 1998, newspapers reported that a 

major breakthrough had been made in cancer research, and a company called ENMD enjoyed the 

ownership of the breakthrough. The company’s stock price then began to rise rapidly, 

accompanied by a rise in the stock price of the entire biotechnology sector. But what is 

interesting is that the newspaper report did not contain any new content, but was completely 

based on a paper published in the journal Nature in 1997. Huberman and Regev (2001) pointed 

out that if calculated completely according to the stock pricing model, ENMD’s stock price 

should have started to rise in 1997, but in fact, it was not. The company’s sector did not start to 

rise rapidly until the newspapers publicized the breakthrough on a large scale. 
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Hypothesis 1: COVID-19 has a positive effect on the stock price of the mask industry in the short 

term. Volatility and the stock price have risen, but there is a bubble in the stock price.  

3. Data and Methodology 

This paper mainly uses CSMAR  to collect data about the stock market, while 

information about COVID-19 is collected through the COVID-19 global map provided by the 

John Hopkins University Engineering and Systems Science Center. 

Our main research is the response of China's stock market to the first round of COVID-19. 

When selecting the data range, we took into account that China’s first round of COVID-19 

mainly broke out in Q1 of 2020. On January 23, 2020, the starting point of the COVID-19 in 

China, Wuhan, Hubei announced the closure of the city. The start date of the data on the 

epidemic in China calculated by Johns Hopkins University is January 26. Therefore, under 

comprehensive consideration, we decided to take Johns Hopkins University as the standard and 

select the starting point of the data range on January 26, 2020. When choosing the endpoint, we 

also took into account the date when Wuhan was unblocked, April 8, 2020. In the data provided 

by Johns Hopkins University, the highest point of the weekly detected cases of the entire first 

round of the epidemic was in the week of February 16, and the weekly cases spotted was as high 

as 30.684K. After this turning point, The weekly cases spotted gradually began to decline. After 

the week of April 19, the changes in the histogram can no longer be clearly seen from the figure. 

The weekly cases spotted are close to zero.  And in the histogram chart of weekly death, the 

week of April 19 was the maximum of the entire first round of the epidemic. The number of 
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deaths in this week was 1.293K. After this week, change cannot be clearly seen in the data chart. 

The weekly deaths also tend to be zero. Therefore, we set April 19 as the endpoint of the data 

range. The response of medical methods to diseases is always lagging. For the selection of the 

data range of the vacacines, we have selected a continuous period of data from Jan 26, 2020, to 

April 19, 2020. 

After determining the data range, we decided to use multiple regression analysis. The 

equation has been given below, 

. . 2 , 3 ,1= +i t i t i t i tRet CumCases MarketRet Vacα β β β ε+ + +  (1)     

We predict that the number of cases and market return each week will have a positive 

correlation with the weekly stock return rate, while the number of vaccines vaccinated each week 

will have a negative correlation with the weekly return rate. So 1β and 2β should be positive and 

3β should be negative. 

Huberman and Regev (2001) stated that corporate valuation reflects a certain extent the 

market's expectations of the company's future cash flow. The rationale for using a growth-based 

measure of COVID-19 follows from a typical corporate valuation framework, in which changes 

in stock valuations [e.g., price to- earnings (P/E) multiples] reflect changes in the expected 

growth rate of future cash flows. To the extent that changes in the expected growth rate of 

COVID-19 cases shape changes in the expected growth of future cash flows, a higher expected 

growth rate of COVID-19 infections would imply a slower growth rate of future cash flows, a 

lower P/E multiple, and lower stock returns (Ding et al., 2021). Ding et al. (2021) use the most 

recent growth of COVID- 19 cases to proxy for the market s expectation of the future growth 

rate of COVID-19. 
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In the event study part, we use AAR and CAR method to mesure the impact of event 

window. 

The equation is given below, N refers to the numbers of corporatations 

 i,t i,t
i=1

1aar = ar
N

N ∑  (2) 

And the CAR equation is also given as, 

 2
1

t
,= i ti t

CAR aar
=∑  (3) 

4. Results 

In Table 1, we listed all the variables used and provided a descriptive table, it reports Johns 

Hopkins University's public data about weekly cases spotted during the period from January 26 

to April 19 in China. It also records dozes Administered. Return rate data come from the 

CSMAR database, from January 26 to April 19, 2020. In Table 2, we provide a correlation 

analysis between various variables and annotate the significance. In Table 3, we ran linear 

regression, using fixed effects and random effects, and then used the hausman test. The test result 

was F less than 0.05, that is, fixed effects are more suitable for this model. In Table 4, we 

conducted an event study and used the CAR method. We chose January 20, 2020 as our event 

window. On this day, COVID-19 was confirmed to be spread from person to person, which has a 

huge positive impact on the mask industry. We downloaded from CSMAR the return rates of ten 

representative mask companies during the period before and after the occurrence of this window 

from January 3 to January 26. Use CAR and AAR to study the impact of this event on stock 

returns. In Table 5, we performed a nonlinear quadratic relationship test, we replaced the original 
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X variable with cases2, and performed regression. In Table 6, we use subindustry analysis. We 

selected the pharmaceutical industry that has a certain relevance to the mask industry, we 

changed our target industry from mask industry to medicine industry and trying to find the 

difference and make a comparation. We select 29 corporates in medicine industry from CSMAR 

and make an regression using the same method. In table 7, we changed our X variables from 

Cumcases to Cases. Cases is represented by the weekly cases spotted in China.  The data is also 

provided by Johns Hopkins University. 

  Therefore, according to the results we have obtained, within a given time frame, when all 

the data is processed in logarithm, the combined market return rate and the number of vaccines 

under random effects have a positive effect on the stock return rate of the mask industry. 

Significantly positive impact, the p-values of their coefficients are all light rain 0.01, and the beta 

coefficient of the comprehensive market return rate and the number of vaccinations are both 

large, which shows that they are not only statistically significant but also economically 

significant. , Not only statistically significant, but the cumulative number of cases does not have 

a significant impact on the weekly return of a given stock. Under fixed effects, only the 

comprehensive market rate of return has a significant positive impact on the weekly rate of 

return of a given stock, and its beta coefficient is greater than the beta coefficient of the 

comprehensive market rate of return under random effects, reaching 0.431. The number of 

vaccines that are significant under the effect is not significant under the fixed effect. At the same 

time, it should be noted that the constant term under random effects is also significant, but in 

fixed effects, the constant term becomes insignificant. 

   From the point of view of significance, it is clear that random effects are more suitable 

for our model. At the same time, we also used the Hausman test to verify whether the random 

16 
 



effects are more suitable for our hypothetical model. The final conclusion is that F is greater than 

0.05, rejecting the null hypothesis, that is, rejecting the assumption that fixed effects are more 

suitable for our model. In the fourth table, we used the CAR and AAR indicators commonly used 

in event learning to learn the impact of a specific event window on the stock return rate of the 

mask industry. The event we selected is COVID-19 on January 20, 2020. The number was 

confirmed to be able to spread from person to person. We selected the CAR 20 days before and 

after the event as the reference standard, and finally set the 3 days before and after the event as 

our event window. The conclusion that can be drawn is that the event The outbreak did have a 

positive impact on the stock return rate of the mask industry. After the incident, CAR showed a 

significant increase. 

     In the next table, we replace cases with cases2, which is also equal to the square of 

cases. After regressing the new variables, the correlation results we got were also significant. 

The coefficient of the constant term became smaller, but the significance did not decrease. The 

significance of the cases coefficient also did not decrease, and cases2 was also very significant. 

But it should be noted that the coefficient of cases2 has changed. In the sixth table, we try to 

compare the mask industry with the pharmaceutical industry that has a certain connection with 

the mask industry, hoping to conclude that the mask industry is one of the industries most 

actively affected by COVID-19. We selected the weekly stock returns of 29 pharmaceutical 

companies that can be found on CSMAR. A regression analysis was performed and the results 

were compared with the regression results of the stock return rate of the mask industry under 

random effects. The conclusion that can be drawn is that compared to the pharmaceutical 

industry, the mask industry is indeed a company that is more positively impacted by COVID-19. 

After switching to a pharmaceutical company, the beta coefficient of our core variable cumcases 
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decreased, and the significance disappeared, from very significant to insignificant, and the beta 

coefficient of the comprehensive market return also changed in the same way. Although the 

constant term is reduced, the significance remains unchanged, which is very significant. Finally, 

in the seventh table, we changed our core variable X from the cumulative number of cases found 

to the number of cases found per week. We tried to obtain different results. After performing 

regression analysis on the newly constructed model, we found that the beta coefficient of the 

comprehensive market rate of return increased, but the significance decreased slightly. The 

significance of the newly constructed core variable increased, but the number of vaccines 

vaccinated which was due to collinearity are ignored. The value of the related constant term 

increases, and the significance decreases.      

5. Conclusions 

In our research, we believe that cumulative cases have a negative effect on the stock return 

of the mask industry. Moreover, according to the results of table 5, the cumulative cases have a 

greater impact on the mask industry than on the medical industry. We compared 46 cases After 

the Chinese stocks in the mask industry and the Chinese stocks in 33 medical industries are 

converted from the Y variable to the stock returns of the medical industry, the significance of the 

core variables and other control variables has decreased significantly. We also believe that the 

impact of a large number of vaccinations on the stock return of the mask industry is positive. In 

table 3, we used multiple regression. It can be seen that under different X variables, the number 

of vaccinations has a positive impact on the stock return. The rate of influence is always positive. 

And its significance is very significant. 
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According to Rouatbi et al. (2021), Mass vaccination significantly decreases the stock 

market volatility. Our findings also shows that the doses of vaccines injected has a positive effect 

on stock return of mask industry. A major problem is that the sample time is relatively short. 

COVID-19 is an event that only began to appear in 2020, and the effective sample time is less 

than two years. In addition, we only tested the relationship between the stock returns of the mask 

industry and the medical industry and the number of vaccinations and cumulative cases. The 

impact of the stock returns of other industries is not covered in this article. We believe that the 

returns of other industries When the cumulative number of cases increases, it may also be 

negatively affected, but there will be no relatively obvious response to the increase in the number 

of vaccinations. Industries such as IT, catering and other industries that are greatly affected by 

COVID-19 may not be affected by the vaccine. There is a greater response. In addition, we only 

used data from Chinese companies. In other countries affected by COVID-19, the impact of 

masks and medical industry stock returns was not covered. The mask industry in each country is 

affected by supply chain issues, and the volatility of stock returns may vary greatly. 
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Figure 1. CAR Analysis 

This is the figure of the event window in CAR analysis, We chose January 20, 2020 as our event 
window. On this day, COVID-19 was confirmed to be spread from person to person, which has a 
huge positive impact on the mask industry.   
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Table 1: Descripitive Statistics 
 

This table reports Johns Hopkins University’s public data about weekly cases spotted and 
weekly deaths during the period from January 26 to April 19 in China. It also records dozes 
administered. Data come from the CSMAR database, the weekly rate of return from January 26 
to April 19, 2020. 

variable N mean max min sd p25 p50 p75 

Ret 429 0.0200 0.611 -0.295 0.112 -0.0430 0.00600 0.0590 

Cases 429 6.404 30.68 0.180 9.675 0.532 0.891 6.509 

CumCases 429 111.9 1609 1.527 263.2 69.97 80.28 82.05 

Ret 2 311 0.0120 0.637 -0.241 0.0930 -0.0360 0.00200 0.0450 

Vac 429 34.09 72.50 2.088 21.07 16.32 33.30 47.49 

MarketReturn 429 -0.0150 0.0430 -0.0710 0.0300 -0.0390 -0.0150 -0.0010 
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Table 2: Correlations 

This table shows the correlation between our weekly variables, using the weekly return rate of 
the company in the mask supply chain during the first break-out period of COVID-19. We also 
use the weekly spotted cases of COVID-19 in China. ***, **, and * denote significance at the 
1%, 5%, and 10% levels, respectively. 

Pairwise correlations  

Variables (1) (2) (3) (4) (5) (6) 

Ret 1.000      

Cases 0.032 1.000     

CumCases -0.013 -0.034 1.000    

Ret 2 0.059 -0.096* 0.002 1.000   

       

Vac -0.191*** -0.556*** 0.077 -0.029 1.000  

 

MarketReturn -0.036 0.325*** 0.037 -0.112** 0.167*** 1.000 
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Table 3: Regression using random effect and fixed effect 

This table shows the main results of Regression, and our regression equation is given below, 

. . 2 , 3 ,1= + +i t i t i t i tRet Cases MarketRet Vacα β β β ε+ +  

where  .i tRet  stands for the stock return rate of the mask industry and .i tCases  stands for the 
spotted cases during the week. ,i tMarketRet  stands for the general market return on that week, 
and ,i tVac  stands for the dozes of vaccine administered that week. And this table shows the t- 
statistics in two different models, the number of observations is 429 and the frequency is every 
week. ***, **, and * denote significance at the 1%, 5%, and 10% levels, respectively. 

 (RE) (FE) 

VARIABLES Ret Ret 

   

Market Return 0.330*** 0.431*** 

 (0.113) (0.150) 

CumCases -0.138 -2.011 

 (0.224) (7.344) 

Vac 1.003*** 1.605 

 (0.351) (1.313) 

Constant -4.501*** 2.230 

 (1.260) (28.87) 

   

Number of industries  32 32 

Observations 78 78 

R-squared 0.239 0.241 
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Table 4 :Event Study using CAR 

This table use the CAR method. We chose January 20, 2020 as our event window. On this 
day, COVID-19 was confirmed to be spread from person to person, which has a huge positive 
impact on the mask industry. We downloaded from CSMAR the return rates of ten representative 
mask companies during the period before and after the occurrence of this window from January 
3 to January 26. Use CAR and AAR to study the impact of this event on stock returns. 

   

EVENT WINDOW CAR AAR 

   

Company 1            (-3, 0) 

                               (0 , 0) 

                               (0 , 1) 

                               (0 , 2) 

                               (0 , 3) 

-0.0206968 

0.0129278 

0.061188 

0.016685 

0.018786 

-.02069676 

.03362454 

.04826023 

-.04450302 

.00210098 

   

Company 2            (-3, 0) 

                               (0 , 0) 

                               (0 , 1) 

                               (0 , 2) 

                               (0 , 3) 

Company 3            (-3, 0)                                                 

                               (0 , 0) 

                               (0 , 1) 

                               (0 , 2) 

                               (0 , 3) 

 

0.0112364 

0.0418022 

0.0993532 

0.0794208 

0.1802814 

-.011663 

.0192632 

.0826921 

.0659449 

.139516 

 

                    0.01123638 

0.03056581 

0.05755101 

-0.01993235 

0.10086058 

-.01166303 

.03092619 

.06342895 

-.0167472 

.07357112 
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Company 4            (-3, 0)                                                 

                               (0 , 0) 

                               (0 , 1) 

                               (0 , 2) 

                               (0 , 3) 

Company5             (-3, 0)                                                 

                               (0 , 0) 

                               (0 , 1) 

                               (0 , 2) 

                               (0 , 3) 

.0011944 

.0161097 

.0330055 

.0393141 

.0464371 

.0014269 

.0355979 

.1069505 

.0863444 

.1524325 

.00119436 

.01491534 

.01689577 

.00630865 

.00712296 

.00142688 

.03417099 

.07135267 

-.0206061 

.06608803 

 

Observations 50 50 

Number of industries  5 5 
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  Table 5: Nonlinenar relation 

In this table, we check the nonlinear quadratic relation. We insert a new variable called 

Cases2, which is equal to Cases2. And then we run a regression on Ret, Cases and Cases2. ***, 

**, and * denote significance at the 1%, 5%, and 10% levels, respectively. 

 (1) 

VARIABLES Ret 

  

Cases 0.508*** 

 (0.101) 

Cases2 -0.161*** 

 (0.0404) 

Constant -2.891*** 

 (0.100) 

Observations 226 

R-squared 0.088 
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Table 6: subindustry analysis 

In this table, we changed our target industry from mask industry to medicine industry and trying 
to find the difference and make a comparation. We select 29 corporates in medicine industry 
from CSMAR and make an regression using the same method. The following is the results we 
get. ***, **, and * denote significance at the 1%, 5%, and 10% levels, respectively. 

 

 (Mask) (Medicine) 

VARIABLES Ret Ret 2 

   

CumCases 0.330*** 0.0999 

 (0.113) (0.0599) 

Vac -0.138 0.660 

 (0.224) (0.429) 

Market Return 1.003*** 0.208 

 (0.351) (0.171) 

Constant -4.501*** -5.235*** 

 (1.260) (1.040) 

Number of industries 

Obseravations  

R-squared
  

32 

78 

0.239 

29 

78 

0.026 

29 
 



Table 7: Alternative explanatory variables 

In this table, we changed our X variables from Cumcases to Cases. Cases is represented by the 
weekly cases spotted in China. ***, **, and * denote significance at the 1%, 5%, and 10% levels, 
respectively. 

 

 (CumCase) (Cases) 

VARIABLES Ret Ret 

   

Market Return 0.330*** 0.355** 

 (0.113) (0.141) 

CumCases 

 

Cases 

-0.138 

(0.224) 

 

 

-0.272** 

  (0.119) 

Vac 1.003*** - 

 (0.351)  

Constant -4.501*** -1.245* 

 (1.260) (0.705) 

Numbers of industries 

Observations  

R-squared 

32 

78 

0.239 

32 

78 

0.077 
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